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Abstract:

In this paper, we propose a robust background subtraction method for non-stationary

scenes. The non-stationarities modeled by the method are (1) variations of overall lighting conditions

and (2) local image pattern fluctuations caused by soughing leaves, fluttering flags, flickering CRT's

and so on. First we propose a novel correlation measure between two blocks in images (SMNVD)

to realize the robust background subtraction against varying illuminations. Then, to characterize

local image pattern fluctuations, we propose a two dimensional histogram (TNVDCM), where the

distribution representing the temporal fluctuation pattern in a block is recorded. Experimental
results of the background subtraction using SMNVD and TNVDCM demonstrate their robustness

and effectiveness for real world scenes.
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