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Multi-Viewpoint Gesture Recognition by an Integrated Continuous State Machine

Hiroaki KAWASHIMAT and Takashi MATSUYAMA
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Fig.1 System Architecture.
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Fig.2 Trajectories of two classes in the state space.
(Each trajectory corresponds to each class.)

estimated state

importance

-

CSM B

Q state integration

03 csMOOOoOoOooOooooesM A,cO0000
ooobooooom
Fig.3 The interaction among CSMs. (The interac-
tion between CSM A and C is omitted in this
figure.)
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Fig.5 Robustness against non-linear temporal fluc-
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Fig.7 Rejection of the input pattern.
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Table 1 Recognition rates for complete inputs(%).

(The numbers in the parenthesis denote the
recognition rates of the ICSM without dy-
namic control of importance.) (A) and (B)
denote two decision processes described in
sec.3. 5.

Decision Process | CSM1 | CSM2 FI DI SI

(A) Max.Sim. 86 53| 79| 80|88 (76)
(B) Min.Err. 85 51| 77| 83|83 (81)
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Table 2 Recognition rates for incomplete inputs(%).

Decision Process | CSM1 | CSM2 FI DI SI
(A) Max.Sim. 73 26 57 61 | 77 (67)
(B) Min.Err. 73 36 63 69 | 73 (68)
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